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I	used	the	following	paper	as	a	supporting	reference	for	explaining	the	Ferrari	and	
Canny	grasp	quality	metric:	
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I	also	went	through	a	stiffness	formulation	for	quality	metrics	for	the	microspine	
gripper.			This	has	not	been	published	yet,	but	if	you	are	interested,	I	can	share	it	with	
you	individually.			Let	me	know.	
	
	
We	looked	most	closely	at	the	following	paper,	which	uses	a	weighted	A*	algorithm	for	
grasp	planning	/	grasp	optimization:	
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In	contrast,	we	took	a	look	at	the	following	paper,	which	attempts	to	choose	grasps	
based	on	image	data	alone	(based	on	large	amounts	of	collected	data):	
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We	also	took	a	quick	look	at	this	similar	project	done	at	Google:	
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